
1. Introduction
A heatwave is usually defined as a prolonged period that the temperature is above a prescribed threshold 
for several consecutive days (X.-X. Li, 2020; Seneviratne et al., 2012). Heatwaves generally have numerous 
adverse effects on human health (Matthews et  al.,  2017; Mora et  al.,  2017; Robine et  al.,  2008), ecosys-
tem (Allen et al., 2010; Lesk et al., 2017), infrastructure (Añel et al., 2017; Auffhammer et al., 2017; X.-X. 
Li, 2018), agriculture (Grumm, 2011; Tebaldi & Lobell, 2018; Zampieri et al., 2017), and labor productiv-
ity (Dunne et al., 2013; Kjellstrom et al., 2009; Xia et al., 2018). For instance, the European heatwave in 
summer 2003 bore a close resemblance to the projection for summer in the latter part of the twenty-first 
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over Southeast Asia, with more frequent heatwaves, longer heatwave duration, and higher extreme 
temperatures. The increase in HWA has a linear growth against global warming levels with distinct 
regional differences between the Maritime Continent and the Indochina Peninsula due to their different 
heat content of lower atmospheric boundaries. In contrast, those in HWF and HWD have nonlinear 
growth characteristics. The projected warmer future tends to be associated with a higher risk ratio value 
with the occurrence of rarer extreme heatwaves relative to the current climate. These results reiterate the 
potential risks of extreme regional heatwaves if global warming is unrestricted.

Plain Language Summary A heatwave denotes a prolonged period that the temperature is 
above a prescribed threshold for several consecutive days. It usually has adverse effects on human health 
and the ecosystem. However, there is little knowledge of heatwaves in tropical developing countries such 
as those in Southeast Asia. This study investigates three characteristics, including the frequency, duration, 
and amplitude, of the heatwaves in the current climate and their changes in the future warmer climate in 
Southeast Asia based on observational datasets and outputs from a state-of-the-art model, the Community 
Earth System Model. Results indicate that global warming will lead to substantial changes in heatwaves 
over Southeast Asia. The changes are not uniform in space, especially between the Maritime Continent 
and the Indochina Peninsula, because the two regions have different types of land-sea distribution. 
Nevertheless, a consensus is that more frequent heatwaves, longer heatwave duration, and higher extreme 
temperature during heatwaves will occur over entire Southeast Asia in a warmer world. These changes 
mean that a rare heatwave, such as that occurring once-in-50-years in the current climate, will become 
common and happen more frequently in a warmer future.

DONG ET AL.

© 2021. The Authors.
This is an open access article under 
the terms of the Creative Commons 
Attribution-NonCommercial License, 
which permits use, distribution and 
reproduction in any medium, provided 
the original work is properly cited and 
is not used for commercial purposes.

Heatwaves in Southeast Asia and Their Changes in a 
Warmer World
Zizhen Dong1,2, Lin Wang1,2 , Ying Sun3 , Ting Hu3, Atsamon Limsakul4 , 
Patama Singhruck5, and Sittichai Pimonsree6

1Center for Monsoon System Research, Institute of Atmospheric Physics, Chinese Academy of Sciences, Beijing, 
China, 2College of Earth and Planetary Sciences, University of Chinese Academy of Sciences, Beijing, China, 3National 
Climate Center, China Meteorological Administration, Beijing, China, 4Environmental Research and Training Center, 
Pathumthani, Thailand, 5Department of Marine Science, Faculty of Science, Chulalongkorn University, Bangkok, 
Thailand, 6Atmospheric Pollution and Climate Change Research Unit, School of Energy and Environment, University 
of Phayao, Phayao, Thailand

Key Points:
•  Global warming is associated with 

substantial increases in heatwave 
frequency, duration, and amplitude 
over Southeast Asia

•  The increase of heatwave amplitude 
with global mean temperature is 
quasilinear, and that of heatwave 
frequency and duration are 
nonlinear

•  A warmer future will see a higher 
risk ratio with rarer extreme 
heatwave events relative to the 
current climate

Supporting Information:
Supporting Information may be found 
in the online version of this article.

Correspondence to:
L. Wang,
wanglin@mail.iap.ac.cn

Citation:
Dong, Z., Wang, L., Sun, Y., Hu, 
T., Limsakul, A., Singhruck, P., & 
Pimonsree, S. (2021). Heatwaves in 
Southeast Asia and their changes 
in a warmer world. Earth's Future, 
9, e2021EF001992. https://doi.
org/10.1029/2021EF001992

Received 13 JAN 2021
Accepted 21 JUN 2021

Author Contributions:
Conceptualization: Lin Wang
Formal analysis: Zizhen Dong
Funding acquisition: Lin Wang
Investigation: Zizhen Dong, Lin 
Wang, Atsamon Limsakul, Patama 
Singhruck, Sittichai Pimonsree
Methodology: Zizhen Dong, Lin 
Wang, Ying Sun, Ting Hu
Project Administration: Lin Wang
Resources: Lin Wang
Supervision: Lin Wang
Validation: Zizhen Dong
Visualization: Zizhen Dong

10.1029/2021EF001992
RESEARCH ARTICLE

1 of 13



Earth’s Future

century with regional climate models (Beniston, 2004). It caused a considerable reduction of the power 
generation capacity in France (Añel et al., 2017) and resulted in more than 70,000 deaths in Europe (Robine 
et al., 2008). The heatwave in June 2019 also exerted widespread influences on countries in Central Europe 
(Xu et al., 2020; Xu et al., 2021). The 2013 extreme heatwave in southeast China broke the heat records of 
the past 141 years and caused 167 excess deaths in Pudong New Area alone, especially the females and el-
ders (X. Sun et al., 2014). It also induced a total economic loss of 27.49 billion Chinese Yuan (∼4.20 billion 
U.S. dollars) in Nanjing city alone due to reduced labor productivity and working capacity (Xia et al., 2018). 
Hence, it is essential to understand and predict how heatwaves behave to make a prior preparation or ad-
aptation. At present, the understanding of heatwaves has improved in many regions of the world (e.g., 
Cowan et al., 2014; Dosio, 2017; Pfahl & Wernli, 2012; Russo et al., 2015; You et al., 2017). However, there 
is insufficient knowledge of how and why heatwaves behave in developing countries over tropical regions 
such as Southeast Asia.

Southeast Asia comprises 11 countries, with more than half a billion people (Juneng & Tangang, 2005). Its 
climate is modulated by the Asian-Australian monsoon system (Chang et al., 2005; Robertson et al., 2011). 
Heatwaves exhibited an upward trend during the past few decades (X.-X. Li, 2020; Luo & Lau, 2018; Supari 
et al., 2017), which are companied by the weakening of the Asian-Australian monsoon with suppressed rain-
fall and hot and subsiding conditions in the Indochina Peninsula (Luo & Lau, 2018). The El Niño-Southern 
Oscillation (ENSO) is the most critical factor influencing the precipitation and temperature over Southeast 
Asia (e.g., Feng et al., 2010; Hamada et al., 2002; Juneng & Tangang, 2005; McBride et al., 2003) as well as 
the extreme warm events (Caesar et al., 2011; Lin et al., 2018; Thirumalai et al., 2017) on the interannual 
timescale. Although the seasonal variation in temperature over Southeast Asia has limited fluctuation (Fig-
ure 1b), heatwaves still severely influence local people. For example, a higher intensity level of heatwaves 
led to more deaths from 1999 to 2008 in Northern and Central Thailand (Huang et al., 2018), and the elderly 
population suffered most from the spatial heterogeneity of heatwave vulnerability. Heatwave also signifi-
cantly increased the risk of all cause-specific mortality in Ho Chi Minh City of Vietnam (Dang et al., 2019). 

In April 2016, Southeast Asia experienced a high-temperature event and 
broke the record that traces back to the mid-twentieth century (Thiru-
malai et  al.,  2017). In Thailand, the duration of scorching weather in 
2016 set a new record after 1950, and the maximum temperature in each 
day of April all exceeded 40°C with one day reaching 44.3°C (Associat-
ed Press,  2016; Thai Meteorological Department,  2017). Such an event 
disrupted crop production and resulted in societal distress and colossal 
energy consumption (Thirumalai et al., 2017).

It is a consensus that the frequency and intensity of extreme events will 
increase in the future with global warming (Meehl & Tebaldi, 2004; Per-
kins-Kirkpatrick & Gibson, 2017; Seneviratne et al., 2012). The Intergov-
ernmental Panel on Climate Change (IPCC) Fifth Assessment Report 
(AR5) suggests that the near-term increases in the seasonal and annual 
mean temperature are more prominent in the tropics and subtropics than 
in mid-latitudes relative to the natural variability (Stocker et al., 2013). It 
implies that Southeast Asia may suffer more from global warming than 
other regions of Asia. Hence, it is essential to understand heatwaves over 
Southeast Asia in-depth regarding their possible changes in a warmer 
world because of the vital influences of heatwaves on regional ecosystems 
and society. In this regard, Dosio et al. (2018) compared the global occur-
rence of heatwave events between two warming levels. They showed that 
in a 1.5°C warmer world, a significant increase in intensity and frequency 
of heatwave events would occur over Africa, central and south America, 
and Southeast Asia (their Figure 1c), and that in a 2°C warmer world, 
the increase of magnitude will double over most of the globe. They also 
suggested that approximately 57.6% of land in Southeast Asia will face ex-
treme heatwaves at least once every 20 years. Zhu et al. (2020) projected 
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Figure 1. (a) Domain of Southeast Asia defined in this study (12°S−22°N 
and 94°E−140°E, indicated by the red rectangle). (b) The observed (black 
line) and simulated (red line) climatology of the annual cycle of Tmax (unit: 
°C) averaged over Southeast Asia and their difference (blue line). The 
observed and simulated climatologies of annual cycles are based on the 
30 years 1986–2015 and 1991–2020, respectively.
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that potentially conspicuous temperature extremes primarily concentrate on the densely populated coastal 
regions of the main islands.

Despite the extensive research outlined above, there remain some gaps and deficiencies in understanding 
heatwaves over Southeast Asia. On the one hand, many studies focus how heatwaves will change at the end 
of the 21st century (e.g., Coffel et al., 2017; Mora et al., 2017), but a tendency in the scientific community 
and concern of the public is the changes of heatwaves at different global warming levels after the Paris 
Agreement. On the other hand, two specific global warming levels, that is, 1.5 and 2°C above the pre-indus-
trial period, have been widely considered in the heatwave studies (e.g., Dosio et al., 2018; Russo et al., 2017; 
Zhu et al., 2020). Nevertheless, it is necessary to include more warming levels to understand how regional 
heatwaves respond to global or regional warming. Such understanding is crucial because of its scientific 
importance and usefulness for countries in this region to make decisions on their development routes. 
Therefore, it is necessary and essential to investigate possible changes of heatwaves over Southeast Asia in a 
warmer world by considering sufficient heatwave characteristics and more warming levels. This study uses 
three heatwave characteristics defined by the percentile-based threshold to examine the behaviors of heat-
waves over Southeast Asia and their projections in a warmer world. Section 2 introduces the data sets and 
methodologies. Section 3 delineates the warming results and their changes in the future. Finally, section 4 
provides the conclusion and discussion.

2. Data and Method
2.1. Observational and Model Data

A daily land-only observational gridded data set for Southeast Asia named SA-OBS (van den Besselaar 
et al., 2017) is used in this study. SA-OBS is based on the station data provided by meteorological services of 
Southeast Asian countries within the Southeast Asian Climate Assessment and Dataset project (SACA&D). 
This data set covers the area (20°S–25°N, 80°E−180°E) and includes precipitation, minimum, mean, and 
maximum temperature on a 0.25° × 0.25° latitude-longitude grid from 1981 to 2017. The global historical 
gridded data set of surface temperature, version 4.2.0 (HadCRUT4, Morice et al., 2012), is used to represent 
the observed global warming. Southeast Asia is defined as the area extending from 12°S to 22°N and from 
94°E to 140°E (rectangle in Figure 1a), consistent with Juneng and Tangang (2005).

The model data on the 0.9° × 1.25° latitude-longitude grid are from daily outputs of a large ensemble sim-
ulation conducted with the Community Earth System Model (CESM) version 1 under the Coupled Model 
Intercomparison Project (CMIP) Phase five (CMIP5) configuration. This CESM large ensemble (CESM-LE) 
simulation contains 40 independent runs covering the period 1920–2100 under historical forcing (1920–
2005) and RCP8.5 forcing (2006–2100) with slight differences in the initial atmospheric conditions (Kay 
et al., 2015). The simulated maximum and mean daily temperatures are used to project future heatwaves, 
and the period 1850–1900 is used to estimate the pre-industrial era. In order to better compare the obser-
vational results with simulations, the SA-OBS data set is converted to the model resolution by averaging all 
available 0.25° × 0.25° data within the 0.9° × 1.25° model grid.

2.2. Heatwave Definition and Characteristics

There are usually two approaches to define a prescribed threshold for heatwaves (Robinson, 2001). One 
centers on the general thermoregulation of the human body and is referred to as the fixed absolute thresh-
old. The other centers on local adaptations to climate and is based on the percentile (relative) threshold. 
There is no consensus on which approach is better because they emphasize different purposes of the ap-
plication. This study employs the latter approach because the former approach misrepresents heatwaves 
in the mainland of Southeast Asia (i.e., Indochina Peninsula) and the Maritime Continent because of the 
different heat contents of atmospheric lower boundaries. For example, the heatwave definitions based on 
different fixed thresholds (i.e., 35, 36, and 37°C) significantly inhibit the observed heatwaves over Indonesia 
(Figure S1). In this study, the 90th percentile of the daily maximum temperature (Tmax) is the threshold at 
each grid for each calendar day (e.g., Cowan et al., 2014; Perkins & Alexander, 2013; Perkins et al., 2012; Per-
kins-Kirkpatrick & Lewis, 2020), accounting for the seasonal cycle (Fischer & Schär, 2010). This percentile 
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is based on a centered 15-days window over 1981–2010 in SA-OBS to produce a reasonable sample size. 
Then a heatwave is detected when at least three consecutive days are above the threshold.

This study considers three heatwave characteristics, including frequency, duration, and amplitude, which 
are also used in Perkins and Alexander (2013). Heatwave frequency (HWF) is defined as the sum of partic-
ipating heatwave days per year that satisfy the heatwave criterion. Heatwave duration (HWD) is defined as 
the longest yearly heatwave event's length (in days). Heatwave amplitude (HWA) is defined as the hottest 
day (amplitude) of the hottest yearly heatwave event. As such, HWD and HWA measure a single heatwave 
event each year, and HWF measures all yearly heatwaves. Humidity is another variable often involved in 
heatwaves because high humidity may aggravate the impacts of heatwaves on human thermoregulation 
(Kravchenko et al., 2013; Schär, 2016). Quantities combining temperature and humidity are often used to 
define moist heatwaves (D. Li et al., 2020; X.-X. Li, 2020; Mora et al., 2017; Schoof et al., 2017), such as the 
wet-bulb temperature (Coffel et al., 2017; Raymond et al., 2020) and the apparent temperature (Matthews 
et al., 2017; Russo et al., 2017). Nevertheless, this study only considers dry heatwaves because of the limited 
availability of daily humidity data in both the observation and model outputs. Trends of various heatwave 
characteristics are derived from the nonparametric Theil-Sen slope estimate (Sen, 1968), and the statistical 
significance of trends is based on the Mann-Kendall test (Mann, 1945).

2.3. Bias Correction for Model Data

The model simulated temperatures usually have some regional biases (e.g., in CMIP5 models). Their medi-
an biases of the seasonal and annual mean temperature range from about −3 to 1.5°C in 26 global land areas 
relative to the observation during 1986–2005 based on temperature data from the CRU TS3.10 data set (Flato 
et al., 2013). As a result, the heatwave characteristics in simulations may hamper the correct calculation be-
cause of the model bias. In order to examine the bias in CESM, Figure 1b shows the observed and simulated 
annual cycles of Tmax averaged over Southeast Asia. It reveals that the observed annual cycle is weak, with 
the highest Tmax between April and May. The CESM model has a cold bias and a delayed peak in the annual 
cycle compared to the observation.

In order to reduce the possible influence of the cold bias in CESM on heatwave projection, a bias correction 
procedure is applied to the model data by replacing the modeled seasonal cycle of Tmax over Southeast Asia 
with the observed one. This procedure follows Y. Sun et al. (2018) and includes three steps. First, the sea-
sonal cycle of the observed Tmax is computed over the 30 years 1986–2015 with a running-average window 
of 15 days. Second, similar calculations are applied to each run of the CESM simulations using another 
30 years 1991–2020. Third, the seasonal cycles from individual model runs are replaced by the observed 
seasonal cycle in step one to produce the bias-corrected model data for 1920–2100. In this way, the bias-cor-
rected procedure only adjusts the cold bias of Tmax in CESM but does not adjust the variability (Y. Sun 
et al., 2018). When we compare the heatwave projections based on the modeled data with (Figure 4) and 
without (Figure S2) bias-correction, it is evident that the future changes of heatwaves over Southeast Asia 
perform better after bias-correction, especially regarding the available grids that experience heatwaves in 
the current climate. Thus, the subsequent analyses are all based on the bias-corrected model data.

Note that the period 1991–2020 is used in CESM for the bias correction because the modeled global mean 
surface temperature (GMST) during this 30-years climatology has increased the same amount as the ob-
served GMST during the observational 1986–2015 relative to the pre-industrial era. The observed 30-years 
value of GMST for the period 1986–2015 is 0.686°C (Y. Sun et al., 2018) above the pre-industrial era (1850–
1900) average based on HadCRUT4, while the modeled GMST for 1986–2015 is 0.578°C above its pre-indus-
trial value. It means that the CESM simulations underestimate the observed global warming. The 30-year 
period for the modeled GMST, which is the closest to the observed warming level during 1986–2015, is 
1991–2020, and the warming level is 0.693°C. Therefore, we consider the 30-year period 1991–2020 in sim-
ulations equivalent to the observed 30-year period 1986–2015 and use this period for bias correction in the 
CESM model.
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2.4. Global Warming Levels

The global warming level indicates the increase of GMST related to the pre-industrial baseline period, which 
is defined as 1850–1900 and widely used in the international climate policy, such as the Paris Agreement. 
For example, the current climate is approximately at the 1°C warming level because the observed GMST of 
2016 is 1.1°C above the pre-industrial level (Y. Sun et al., 2018; World Meteorological Organization, 2017). 
In this study, several different global warming levels are considered, including the current climate 1.0°C 
warming level and several future warming levels, such as the 1.5, 2.0, 3.0, 4.0, and 4.5°C levels. The above 
global warming levels are defined based on the 10-year period during which the GMSTs are above the 
pre-industrial baseline (1850–1900) in CESM simulations under the RCP8.5 scenario. As such, the periods 
to define the 1.0, 1.5, 2.0, 3.0, 4.0, and 4.5°C warming levels are 2011–2020 (0.973°C), 2025–2034 (1.490°C), 
2036–2045 (1.952°C), 2056–2065 (2.973°C), 2075–2084 (3.990°C), and 2086–2095 (4.495°C), respectively, 
where the values in brackets indicate the averaged GMST during the 10-year periods.

2.5. Risk Ratio

The risk ratio (RR), also known as the relative risk, is used to measure the changes in the probability of 
extreme heatwaves in the future. It is defined as RR = P1/P0, where P1 is the event probability in the future 
climate (refers to the different warming levels), and P0 is the event probability in the current climate (2011–
2020 in the simulations). The RR is a concept to describe the change in probability of a low probability event 
that is used in the event attribution (National Academies of Sciences, Engineering, & Medicine, 2016). In 
this study, the RR of three types of extreme (i.e., low probability) heatwave events is considered, including 
that occurs once in 5, 10, and 50 years in the current climate. Thus, P0 is fixed to 0.2, 0.1, and 0.02. For ex-
ample, if RR equals 2.5 for the 5-years event, P1 equals 0.5. It means the once-in-5-years event in the current 
climate will become a once-in-2-years event in the future.

The empirical formula P =  (m-0.31)/(N+0.38) (Jenkinson, 1977) is used to estimate the probabilities of 
P1. The sample size N equals 400 because each of the 40 runs has 10 years for each warming level. P is the 
probability that the random value is less than or equal to the value ranked m in ascending order based on the 
400 years data from 40 simulations at different warming levels. The uncertainty in RR with a 5%–95% range 
for the future warming level is determined using a bootstrap procedure in two steps (Y. Sun et al., 2018). 
First, we estimate the return levels of the number of HWF and HWD and the amplitude of HWA for 5-, 10-, 
and 50-years return periods in the current climate (2011–2020) by drawing random 400 years data from the 
40 CESM runs with replacement. This procedure is repeated 500 times to obtain 500 sets of return levels for 
the current climate. Second, we extract 40 10-years samples from the 40 runs at a warmer level and calculate 
a set of P1 corresponding to each of the 500 sets of the return levels in the current climate. This procedure 
produces 500 sets of RR values. The above process is repeated 500 times to result in 500 × 500 sets of RR, 
from which the 5%–95% uncertainty range for the future is determined.

3. Results
3.1. Southeast Asian Heatwaves in Observation and CESM

Area-averaged HWF, HWD, and HWA anomalies across Southeast Asia relative to 1981–2010 in observa-
tions (relative to 2011–2020 in simulations) are calculated by averaging all available grids where heatwaves 
occur. The use of available grids is because heatwaves may not occur at every grid, considering the restric-
tion of three consecutive days exceeding the threshold temperature in the heatwave definition. The chosen 
grids for averaging must have at least five heatwaves during the recent 10-years 2008–2017 in observation or 
200 heatwaves during the current climate 2011–2020 in 40 runs. Figures 2a–2b show that HWF and HWD 
have a clear and nearly linear relationship with the area-averaged annual mean temperature over Southeast 
Asia in observation and that HWA has a more nonlinear relationship. A similar relationship is observed 
with the three heatwave characteristics when the temperature over Southeast Asia is replaced with the 
GMST (Figures 2c–2d). This result indicates that with the higher GMST and Southeast Asian annual mean 
temperature, Southeast Asia undergoes more frequent heatwaves, longer heatwave duration, and higher 
extreme temperature in the past three decades. The correlation coefficients between GMST (annual mean 
temperature of Southeast Asia) and the observed HWF, HWD, and HWA are 0.74 (0.88), 0.73 (0.87), 0.45 
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(0.60), respectively, indicating that the changes in the heatwave frequency, duration, and amplitude all 
track well with the changes in the observed GMST and the Southeast Asian annual temperature. Moreover, 
changes in the heatwave frequency and duration track better than changes in the heatwave amplitude do. It 
implies that global warming is the primary driver for the more frequent and prolonged heatwaves in South-
east Asia. However, factors other than global warming may be critical to determine the strength of heat-
waves in Southeast Asia. A 1°C increase in GMST warming level corresponds to a 1.1°C increase in HWA, 
51.6, and 7.0 days increase in HWF and HWD in observation, respectively. The CESM-LE captures these 
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Figure 2. (a) Scatter plot of hottest amplitude of the hottest yearly heatwave event (HWA) anomalies (unit: °C) 
versus annual mean Southeast Asian temperature (TSEA) anomalies (unit: °C) in observation. (b) is the same as (a), 
but for heatwave days per year (HWF) anomalies (blue dots, left axis, unit: days) and length of the longest yearly 
heatwave event (HWD) anomalies (red dots, right axis, unit: days) in observation. (c) Scatter plot of annual mean TSEA 
anomalies (blue dots, left axis, unit: °C) and HWA anomalies (red dots, right axis, unit: °C) versus global mean surface 
temperature (GMST) anomalies (unit: °C) in observation. (d) is the same as (c), but for HWF anomalies (blue dots, left 
axis, unit: days) and HWD anomalies (red dots, right axis, unit: days) in observations. (e)–(f) are the same as (c)–(d), 
but based on the Community Earth System Model-large ensemble (CESM-LE) outputs. In (a)–(d), the HWA, HWF, and 
HWD are averaged over grids with at least five heatwaves during the recent 10-years 2008−2017 in observation, and the 
anomalies are defined relative to 1981–2010 mean. In (e)–(f), the HWA, HWF, and HWD are averaged over grids with at 
least 200 heatwaves in the 40 runs during the 10-years current climate (2011–2020) in CESM-LE. Anomalies of TSEA and 
heatwave characteristics are defined relative to the current climate (2011–2020) in simulations, and anomalies of GMST 
are defined relative to the pre-industrial level (1850–1900). Dots represent values from individual runs, and solid lines 
are smoothing lines using the weighted least squares fit.



Earth’s Future

observed heatwave characteristics well when the modeled GMST increase is below 1°C (Figures 2e–2f). 
HWA and Southeast Asia's annual mean temperature in a warmer world have a more linear relationship 
with GMST, whereas HWF and HWD show a nonlinear relationship with GMST. When GMST increases by 
3.0°C, the growth rate of HWF slows down (Figure 2f) because heatwave days in a year gradually saturate 
(Figure 5a).

In order to further depict the observed changes in heatwave behaviors, Figure 3 shows the area-averaged 
time series and the long-term trends of heatwave characteristics over Southeast Asia. The area-averaged 
heatwave over Southeast Asia shows an apparent upward trend in the time series of HWF and HWD (Fig-
ures 3a–3b) and a weak trend in HWA (Figure 3c), consistent with Figure 2. Their peaks coincide with 
strong El Niño years, such as 1998, 2010, and 2016. The correlation coefficients between the Niño 3.4 index 
of the preceding winter and HWF, HWD, and HWA are 0.56, 0.54, and 0.82, respectively, all exceeding the 
99% confidence level based on the two-tailed Student's t-test. This result indicates substantial impacts of El 
Niño on temperature extremes over Southeast Asia, consistent with interpretations of the previous para-
graph and results of previous studies (e.g., X.-X. Li, 2020; Lin et al., 2018; Thirumalai et al., 2017).

The significantly upward trends are mainly located over northern Philippines, Indochina Peninsula, south-
western Kalimantan, Sumatra, Java, Sulawesi, and western New Guinea for HWF and HWD (Figures 3d–
3e). In contrast, no significant trends are observed over most regions in Southeast Asia for HWA (Figure 3f). 
The consistent spatial and temporal variations of HWF and HWD are because the total heatwave days 
directly influence heatwave length and occurrence frequency. A change in total days participating in heat-
waves means the duration (HWD) and their yearly number (HWF) must also change accordingly (Perkins 
& Alexander, 2013). In contrast, HWA reflects the amplitude of the hottest yearly event and is little affected 
by an increase in HWF or HWD. April is the hottest month over Southeast Asia on average (Figure 1b); thus, 
the hottest day of the hottest heatwave event (i.e., HWA) usually occurs in this month. The temperature 
variation in April primarily depends on the internal variability such as El Niño other than long-term warm-
ing (Thirumalai et al., 2017). It partly explains the insignificant long-term trends of HWA in observation 
(Figure 3f).
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Figure 3. The time series of area-averaged (a) heatwave days per year (HWF) (unit: days), (b) length of the longest yearly heatwave event (HWD) (unit: days), 
and (c) hottest amplitude of the hottest yearly heatwave event (HWA) (unit: °C) anomalies (relative to 1981–2010 mean) over Southeast Asia calculated by SA-
OBS during 1981–2017. The trends of (d) HWF (unit: days/decade), (e) HWD (unit: days/decade), and (f) HWA (unit: °C/decade) in Southeast Asia as detected 
by SA-OBS using the nonparametric Theil-Sen slop estimate. The hatches represent trends exceeding the 95% confidence level using the Mann-Kendall test. The 
time series in (a)–(c) are averaged only over the colored regions in (d)–(f).
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3.2. Projected Changes of Heatwave in a Warmer World

Figure 4 shows the projected changes in heatwaves at different warming levels and suggests that higher glob-
al warming levels will make heatwaves worse and bring significant adversity to people's lives. In a warmer 
future, heatwaves tend to occur most of the time in a year. For example, under the 2.0°C global warming, 
approximately 50 heatwave days are observed over Indochina, with the most prolonged duration below 10 
days (Figures 4a–4b). However, when GMST rises by 4.5°C, there are as many as 180 and 280 heatwave days 
over Indochina and Maritime Continent, respectively, and the duration increases accordingly. It means that 
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Figure 4. Projected changes in (a) heatwave days per year (unit: days), (b) length of the longest yearly heatwave event (unit: days), and (c) hottest amplitude 
of the hottest yearly heatwave event (unit: °C) under 1.5, 2.0, 3.0, 4.0, and 4.5°C global warming levels relative to the current climate as simulated by the 
Community Earth System Model-large ensemble. Hatches represent the changes exceeding the 95% confidence level based on the two-tailed Student's t-test.

Figure 5. Projected changes in the kernel-smoothed probability density estimate of (a) heatwave days per year (unit: days), (b) length of the longest yearly 
heatwave event (unit: days), and (c) hottest amplitude of the hottest yearly heatwave event (unit: °C) under 1.0°C (black lines), 1.5°C (red lines), 2.0°C (blue 
lines), 3.0°C (green lines), 4.0°C (orange lines), and 4.5°C (light-blue lines) global warming levels based on the CESM-LE outputs. Values are calculated and 
averaged over the grids with at least one heatwave per two years in the current climate.
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what used to be an unusual phenomenon (i.e., heatwave) can become a 
common event in a warmer world. The projected significant increase of 
HWF is first observed over Indonesia, Malaysia, and parts of the Philip-
pines when the GMST warming level is below 2.0°C, and it can further 
spread to Indochina Peninsula when the GMST warming level reaches 
and exceeds 2.0°C (Figure 4a). Similar responses of HWD and HWA to 
the GMST warming are also observed regarding the spatial evolution, and 
the critical temperature of the GMST warming is 3.0°C (Figures 4b–4c). 
These results indicate that Indochina Peninsula has a delayed response 
to the increased GMST compared with the rest regions of Southeast Asia. 
On the other hand, the increase of HWF and HWD shows significant re-
gional differences and is faster over the Maritime Continent than over the 
Indochina Peninsula at the same warming level (Figures 4a–4b). In con-
trast, the increase of HWA shows a different pattern to HWF and HWD, 
with a faster increase over the Indochina Peninsula (Figure 4c).

The different responses of heatwave days (i.e., HWF and HWD) and ex-
treme temperature (i.e., HWA) to the increased GMST are rooted in the 
different lower atmospheric boundaries and climate between the Mari-
time Continent and Indochina Peninsula. The Maritime Continent con-

sists of many islands in the western Pacific Ocean. The large heat content of the surrounding ocean leads 
to a slower temperature increase over the Maritime Continent than over the Indochina Peninsula. As a 
result, higher extreme temperature (i.e., HWA) is projected over the Indochina Peninsula when the GMST 
increases. Meanwhile, the criteria temperature to define heatwaves in the current climate is lower over the 
Maritime Continent than over the Indochina Peninsula. Hence, there is more space for the heatwave-free 
grids over the Maritime Continent to meet the criteria of a heatwave when the GMST rises. The responses 
of heatwaves to global warming show distinct regional differences due to the different heat content of lower 
atmospheric boundaries. The different responses imply that using a relative threshold to define climate 
extremes over Southeast Asia better reflects the regional characteristics of Southeast Asian climate than 
using a fixed threshold.

3.3. Projected Changes in Probability Distributions of Heatwaves

Figure 5 shows the estimated probability distributions of heatwave characteristics under different warm-
ing levels. These heatwave characteristics are averaged over the grids, where the number of experienced 
heatwaves in the current climate is at least 200 in the 40 simulations. The distributions of heatwave char-
acteristics show a consistently increasing trend with the increased GMST. For example, changes in the 
probability distribution of HWF (Figure 5a) shifts rightward with wider extension, indicating an increase in 
both its mean and variability before GMST increases by 4.0°C. They become narrower and shift to the right 
at a slower pace when the increase of GMST exceeds 4.0°C. The estimated median values (the correspond-
ing 5%–95% range) of HWF are 51.5 days (6.0–96.1 days), 88.4 days (18.2–157.0 days), 141.7 days (41.2–
240.0  days), 220.8  days (155.5–284.6  days), 268.6  days (236.8–299.7  days), 274.0  days (244.0–303.3  days) 
for the 1.0, 1.5, 2.0, 3.0, 4.0 , and 4.5°C global warming levels (Table 1), respectively. This result implies a 
gradual saturation of days participating yearly heatwaves over Southeast Asia, consistent with Figure 2f. It 
also means that heatwaves can occur on nearly any day of a year when the increase of GMST exceeds 4.0°C.

Changes in the probability distribution of HWD and HWA also show similar rightward shifts (Figures 5b–
5c) to the HWF. The width of the probability distribution of HWD keeps widening as the GMST increases, 
indicating larger variability of the HWD in a warmer world. The median values (the corresponding 5%–95% 
range) of HWD are 13.6 days (3.7–23.2 days), 19.5 days (5.1–33.7 days), 29.4 days (7.2–51.1 days), 57.0 days 
(18.0–95.0 days), 89.2 days (49.7–127.8 days), 98.9 days (58.8–138.2 days) for the 1.0, 1.5, 2.0, 3.0, 4.0, and 
4.5°C GMST levels (Table 1). In contrast, the width of the probability distribution of HWA becomes slightly 
narrower, suggesting small changes and slight decreases in the variability of HWA in the warmer future. The 
estimated median values and corresponding 5%–95% range of HWA are 34.8°C (32.7–36.8°C), 34.9 °C (33.1–
36.6°C), 35.5°C (33.8–37.1°C), 36.5°C (34.9–38.1°C), 37.6°C (36.1–39.0°C), and 38.3°C (36.7–39.7°C) for the 
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Global warming 
level HWF (days) HWD (days) HWA (°C)

1.0°C 6.0/51.5/96.1 3.7/13.6/23.2 32.7/34.8/36.8
1.5°C 18.2/88.4/157.0 5.1/19.5/33.7 33.1/34.9/36.6
2.0°C 41.2/141.7/240.0 7.2/29.4/51.1 33.8/35.5/37.1
3.0°C 155.5/220.8/284.6 18.0/57.0/95.0 34.9/36.5/38.1
4.0°C 236.8/268.6/299.7 49.7/89.2/127.8 36.1/37.6/39.0
4.5°C 244.0/274.0/303.3 58.8/98.9/138.2 36.7/38.3/39.7

Abbreviations: HWA, hottest amplitude of the hottest yearly heatwave 
event; HWD, length of the longest yearly heatwave event; HWF, sum of 
heatwave days per year.

Table 1 
Projected Changes in Estimated Probability Distributions (5%, Median, 
and 95% Values, Respectively, Left to Right, Separated by Slashes) of 
Heatwaves Characteristics (i.e., HWF in Days, HWD in Days, and HWA in 
°C) Under Different Global Warming Levels, Corresponding to Figure 5
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current climate and under different global warming levels (Table 1). The 
median value of HWA increases almost linearly against GMST, consist-
ent with Figure 2e. In short, Figure 5 provides more intuitive insights on 
the changes of heatwaves over Southeast Asia in a warmer world, where 
more frequent heatwaves, longer heatwave duration, and higher extreme 
temperature during heatwaves will occur.

3.4. Projected Changes in Risk Ratio of Heatwaves

When the GMST rises to a certain level, rare extreme heatwaves in the 
current climate, such as that observed in 2016 (Thirumalai et al., 2017), 
may become common. In order to measure this possibility, the projected 
RR for different heatwave characteristics is examined. Figure 6 displays 
the RR under different global warming levels for three extreme heatwave 
events with 5-, 10-, and 50-years return periods in the current climate. 
Significant increases in RR are projected under a warmer world relative 
to the current climate. For instance, the RR for the current 5-years HWA 
event under 2.5°C level is 5 (Figure 6c). It means that the 5-years HWA 
extreme event will have a probability of one and occur every year. The 
RR of HWA for a 50-years event under the 2.0°C global warming lev-
el is seven, which means that the rare once-in-50-years heatwave event 
will occur every seven years (Figure 6c). The RR of HWA will saturate 
at 50 when the increase of GMST reaches 4.0°C. It means that the ex-
treme once-in-50-years event with the probability of 0.02 in the current 
climate will have a probability of 1 under 4.0°C warming level and that 
one of the worst events in the current will become a common event in 
the future. Similar conclusions can be reached for HWF and HWD (Fig-
ures 6a–6b). Moreover, for the same type of events (e.g., once-in-5-years 
event), the GMST that RR needs to saturate (i.e., RR  =  1) is lower for 
HWF and HWD than for HWA. In other words, RR for HWF and HWD 
is larger than that for HWA at the same warming level. It means that the 
risk of experiencing more frequent extreme heatwaves is higher than that 
of experiencing stronger heatwaves for a particular warming level. For 
example, RR of HWF and HWD saturates at 2.0°C (2.5°C) warming level 
for a 5-years (50-years) event, and RR of HWA equals 1 at 2.5°C (4.0 °C) 
warming level.

4. Conclusion and Discussion
Based on the observational data SA-OBS and the model outputs from 
the CESM-LE, this study investigates the heatwave characteristics over 
Southeast Asia in the current and future warmer climate. A heatwave is 

detected when the daily Tmax is above the 90th percentile threshold for each calendar day at grid level for at 
least three consecutive days. Three heatwave characteristics are examined, including the heatwave frequen-
cy (HWF), heatwave duration (HWD), and heatwave amplitude (HWA). All these heatwave characteristics 
over Southeast Asia track well with the increased GMST in the past decades and a warmer world (Figure 2). 
The long-term trends of HWF and HWD show a significant upward trend over most areas of Southeast Asia, 
while no significant trend in HWA is observed (Figure 3). The projected changes in heatwave characteristics 
are examined under different global warming levels, including 1.0, 1.5, 2.0, 3.0, 4.0, and 4.5°C. Results indi-
cate that the increased global warming level is associated with more frequent heatwaves, longer heatwave 
duration, and higher extreme temperature (Figure 4), consistent with the rightward shift of probability dis-
tributions against GMST (Figure 5). Three types of extreme heatwave events with 5-, 10- and 50-years return 
periods are also examined by the risk ratio (RR) values at different warming levels (Figure 6). A warmer 
future is projected to be associated with a higher RR value with rarer extreme heatwaves.
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Figure 6. Box plots with the 5%–95% uncertainty range of risk ratio 
(Y-axis) for (a) heatwave days per year (unit: days), (b) length of the 
longest yearly heatwave event (unit: days), (c) hottest amplitude of the 
hottest yearly heatwave event (unit: °C) of extreme heatwave events with 
the return periods of 5-years (red), 10-years (green), and 50-years (blue) 
in the current climate (2011–2020) under different global warming levels 
(X-axis) as simulated by Community Earth System Model-large ensemble. 
Values are calculated over the grids with at least one heatwave per two 
years in the current climate.
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The finding of this study is overall consistent with previous studies (e.g., Coffel et al., 2017; Dosio et al., 2018; 
Mora et al., 2017; Russo et al., 2017; Zhu et al., 2020), and it provides additional information in several as-
pects via considering more global warming levels. For example, it indicates that the global warming level 
primarily drives changes in the frequency and duration of heatwaves over Southeast Asia. In contrast, both 
global warming and ENSO control changes in the strength of heatwaves. As a whole, the projected increase 
of HWA against GMST is quasilinear, but those of HWF and HWD are nonlinear (Figure 2). Besides, it 
shows how different heatwave characteristics evolve with different global warming levels and their regional 
features, with late heatwave response to the increased GMST over the Indochina Peninsula than over the 
Maritime Continent. These findings may enrich our knowledge and capability to understand and adapt to 
future changes of heatwaves over Southeast Asia.

The current study is based on the relative threshold (i.e., 90% percentile) to define heatwaves, but a parallel 
analysis was also performed based on the fixed threshold. Results indicate that the relative threshold can 
better capture the regional characteristics of heatwaves in the presence of complicated land-sea distribu-
tion and topographies in Southeast Asia (not shown). Hence, a percentile-based approach is recommended 
to define climate extremes, such as heatwaves in Southeast Asia. Meanwhile, this study investigates dry 
heatwaves, but it is also necessary and essential to consider moist heatwaves because humidity can also 
modulate the thermal stress of dwellers (e.g., D. Li et al., 2020; X.-X. Li, 2020; Mora et al., 2017; Schoof 
et al., 2017), especially over the Maritime Continent. The role of humidity needs to be taken into account in 
future studies on Southeast Asian heatwaves. Last but not least, this study is based on the CESM-LE simula-
tions and may have some model dependency. Using more models such as those participating in CMIP Phase 
6 (CMIP6) and more emission scenarios would be helpful and may overcome some disadvantages of using 
one model (e.g., Seneviratne et al., 2016). It is difficult for us to perform such analyses at the moment due to 
our limited resources. The analysis with CMIP6 data is planned for the near future.

Data Availability Statement
The SA-OBS data are available from https://sacad.database.bmkg.go.id/dailydata/index.php. The Had-
CRUT4 data are available via https://www.metoffice.gov.uk/hadobs/hadcrut4/. The CESM-LE data are 
available from http://www.cesm.ucar.edu/projects/community-projects/LENS/data-sets.html.
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